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Selection of Optimal Model for Discriminating Strawberry Diseases
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and Chan—Seok Ryu?

YGyeongnam Agricultural Research and Extension Services, Jinju, Korea
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Gyeongsang National Univ., Jinju, 52828, Korea

ABSTRACT : Strawberry(Fragaria X ananassa Duch) is a high proportion of crops that
account for about 10.9% of vegetable production in South Korea as of 2020.

Fusarium wilt, Phytophthora crown rot, and Anthracnose crown rot break out mainly
in the early transplant stages, In
is difficult to

medicate once the diseases occur as it requires much time to diagnose and labor to

causing significant damage to strawberry plants.

particular, Phytophthora crown rot is a soil infectious disease. It

manage the disease. Applying spectral image information and artificial

is considered a robust approach to diagnosing the

intelligence
technologies infection of such
diseases in crops rapidly and non—destructively.

this

Phytophthora crown rot and water stress of strawberry plants using a machine learning

In study, experiments were conducted to develop a model for classifying

technique based on the data obtained using hyperspectral image sensors. Modeling was
performed using machine learning techniques such as Decision Tree, Random Forest,
XGBoost, the XGBoost model
showed the best performance for hyperspectral image data analysis with most input variables.

This study demonstrated the qualitative classification of strawberry plants infected
with Phytophthora crown rot and water stress of strawberry plants using spectroscopic

information obtained from hyperspectral image data. The results showed the potential

and LightGBM. Among the four machine learning models,

for early prediction before the appearance of disease symptoms on the crops.

Key word : strawberry, disease, hyperspectral image, model
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* Phytophthora(Phyt) - ImmunoStrip : AG-1SK92601/0025
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